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Introduction Aim of study

Spectrosco lays a crucial role in various scientific fields, enabling researchers to analyze the
; AL 2 V ))) To propose a toolbox, the expertPLS, that automates the search of

composition and properties of materials. However, the success of spectroscopic data analysis the optimal preprocessing for spectroscopic data.

heavily depends on the preprocessing applied to the data, which is a critical and often time-

To demonstrate the effectiveness and efficiency of expertPLS for
consuming step. By automating the selection of preprocessing algorithms and providing a ))) analyzing spectroscopic data

comprehensive assessment of model performance, expertPLS (ePLS) offers researchers a more
To emphasize the advantages of using a reliable tool for reducing

efficient and accurate approach, leading to more accurate and reliable results [1, 2]. ))) trial-and-error labor and improving the objectivity of the process
ial-and- | Vi jectivity :

Figures: Keogan et al., Translational Biophotonics, 2021.

Materials and Methods: Spectral preprocessing algorithms [3]
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analysed, the best PLS models are proposed to the analyst, from which they must choose based on expertise or

relying on the choice of the toolbox.
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